&) Datanest

Data Science In Practice

This is summary of Datanest Analytics Catalog
for better explanation or more complete catalog, you can contact us at hello@datanest.io
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Trang dién t& Huéng nghiép 4.0 (huongnghiep40.vn) ra dsi véi muc dich gép phan vao céng cudc dinh huéng nghé nghiép cho
cac ban hoc sinh THPT va sinh vién Viét Nam, trong béi canh cudc Cach mang céng nghiép 4.0 da va dang bung né manh mé hon
bao gi& hét. Bang viéc cung cap nhiing théng tin da chiéu, thiét thuc va bé ich vé cac nganh nghé cé sic néng va tiém nang phat
trién bén viing trong tuong lai dai han théng qua cac tin tic tédng hgp cling nhitng géc nhin sau réng cda cac chuyén gia uy tin &
nhiéu linh vuc nhu hudng nghiép, khéi nghiép, gido duc, cdng nghé théng tin, kinh té, x& hdi, tai chinh ngéan hang...,

trang dién t huongnghiep40.vn dugc ky vong s& mang dén nhiing kién thic nén tang hitu ich vé cac nganh nghé trong xa hdi
cling nhu thi truéng nhén luc

Viét Nam va thé gigi.

Trang dién tir huongnghiep40.vn cam két dugc xay dung va phét trién véi muc dich hoan toan phi Igi nhuan. Tat ca cac bai viét va
ebook dugc téng hgp, dang tai va

chia sé tai day déu c6 thé xem va tai vé mién phi, véi muc dich gép thém nhiing co hdi lam giau kién thic cho tat cad moi ngudsi.
Chac ban doc ¢6 dugc nhiing théng tin bd ich va dinh hudng nghé nghiép dang dan cho tuong lai.

Tréan trong,

Ban bién tdp website huongnghiep40.vn

huongnghiep40.vn

Current state of data
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On a daily basis, companies are collecting massive
amounts of data. These data are mostly being kept

in Silos based on the technology being used.

Most of this data is underutilized and only being

stored for monitoring.

Reactive action instead of proactive.



Solution ?

How to leverage it?

Bafand

Bridging Data silos

To compare and query all your data sources

Solving business cases

Using the power of Al & Machine Learning

Providing with actionable insights

To increase performance & profitability




Datanest Solutions Introducing C@ Datanest
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- Data-Science as a Service -




Datanest Data Science Stage

How to automate
DIFFICULTY

What will happen

Ste ps o n Why it is happening Semantic

Data SCie n Ce? S Predictive

Diagnostic

Descriptive




Level 1

Descriptive EDA

Describe relation

Describe composition

Compare

Describe distribution

Comparison

COMPARISON

Among Times

One Variable

per item

Few Many

Categories Categories
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Comparison

COMPARISON

Over Time

Non-Cyclical Single or Few
Data Categories
LINE CHART BAR CHART
VERTICAL

N/
Doty o

Many
Categories

LINE CHART
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Composition

Simple
Share of
Total

PIE CHART

Accumulation or
Substraction

COMPOSITION

Static

Accumulation to
total and absolute

Components
of Components

to Total difference matters
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STACKED 100%
BAR CHART WITH
SUBCOMPONENTS

WATERFALL CHART
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Comparison

) Comparison
Composition COMPOSITION KD} Composition ocp
atanest
Distribution Changing Over Time Distribution DlSTRl BUTI ON
Relationship
Few Periods Many Periods
Two
Single Variables
Only Relative Only Relative Only Relative Only Relative Variable
Differences Absolute Differences Absolute Few Data Many Data
Matter Differences Matter Matter Differences Matter Points Points
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BAR CHART CHART 100% CHART CHART
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Relationship
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Level 2

Discovery

Why Customers Leave Us ?
Why Our Strategy Doesn’t Work ? Why Our Profit Decrease ?




How to reduce my churn rate? “Why Customers Leave Us ?” How to optimize my strategy ? “Why Our Strategy Doesn’t Work ?”

We accidentally change the Satisfaction level is Some customer pattern . L .
) Using one-size fits all Non efficient Some drop off to
‘ changing not come back
SRR measurement
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For get complete catalog you can contact us in hello@datanest.io For get complete catalog y(‘)"lil can contact us in hello@datanest.io

This is just sample, currently we have 9 hypothesis for “Why Customer Leave us?” This is just sample, currently we have 7 hypothesis for “Why Our Strategy Doesn’t Work?”



How to optimize my profit ? Level 3

o o o Predictive

Machine Learning

Command Trends Move to less profitable We can’t catch customer
item movement
i Q 0o b o What is ML ?
: " . A A 8 7 s 0 o ] °
P PN PN — @ Supervised Unsupervised
i e @ o Other Learning Types

For get complete catalog you can contact us in hello@datanest.io
This is just sample, currently we have 9 hypothesis for “Why Our Profit Decrease




Data (input)

Program

Data (input)

Output

Traditional

Programming

Machine

Learning

— Output

Write rules

Launch

Study the

Train ML
Algorithm

Launch

Study the
problem

Analyze
problem errors
Traditional

Programming

Machine
Learning

Analyze
errors
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Input

Input

Machine Learning

Feature extraction Classification

Deep Learning

Future extraction + Classification

Car

Not Car

Output

Car
Not Car

Output

ARTIFICIAL

INTELLIGENCE

MACHINE
LEARNING

DEEP

B — S LEARNING

PA

1950%s 1960 1970's 1980°s 1990's 2000's 2010's

Since an early flush of optimism in the 19505, smaller sutisets of artificial intetligence - first machine learning, then
deep learming, a subset of machine learning - have created ever larger disruptions



Why deep learning ?

Big Data?
b
Deep Learning
:
g A Al
o
- . PDF
a Other Learning
Algorithms
x Excel file PDF file Sound Video Images

Amount of data

How do data science techniques scale with amount of data ? Other type of dataset you can ask on hello@datanest.io



How to Formulate
Problem?

Supervised Learning

What?

When?

How Much?

How much at certain time ?

How much at certain time and place ?

Classification
Survival
Regression
Time series

Panel

For get industry tailored example you can contact us in hello@datanest.io



Supervised Learning

Where?

Where at certain time?
How Much?

Multiple what ?

Why?

Geospatial

Geospatial Time Series
Longitudinal
Sequential

Network (Cause n Effect)

For get industry tailored example you can contact us in hello@datanest.io

Unsupervised Learning

Clustering
Anomaly Detection

Association Rule,

labelling each other Decomposition

For get industry tailored example you can contact us in hello@datanest.io



Other Learning Types

Metric Learning . : Reinforcement
Semi-Supervised Learning:
Learning Q-Learning

Learning to Rank

Reinforcement
Learning:
Multi-Armed Bandit

Self-Supervised

Learning to Recommend Learning

For get industry tailored example you can contact us in hello@datanest.io

How to make machine learning plan

come to reality?



Answering Key Question

Problem Statement ?

Action ? O

1.

2

3. Specification?

4. How to communicate to executor? E Contact us at

5. Variable and Label? hG"O@dataneSt.iO
6

7

Success Criteria?

Threshold?

If you need help to answer pre machine learning questions, you can contact us in hello@datanest.io



